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ABSTRAK 

Stemming merupakan tahapan penting dalam preprocessing teks bahasa Indonesia yang 

bertujuan mengubah kata berimbuhan menjadi bentuk dasarnya. Penelitian ini menganalisis 

perbandingan efektivitas dua algoritma stemming berbasis aturan, yaitu Enhanced Confix 

Stripping (ECS) dan IN-Idris, dalam klasifikasi multi-kelas berita menggunakan Naïve Bayes. 

Data yang digunakan bersumber dari dataset berita KompasTV yang terdiri dari 2.896 artikel 

dengan berbagai kategori. Metode penelitian meliputi tahapan preprocessing (case folding, 

cleansing, stopword removal, tokenizing, dan stemming), ekstraksi fitur menggunakan Bag of 

Words (BoW), serta klasifikasi dengan algoritma Naïve Bayes. Hasil penelitian menunjukkan 

bahwa ECS berhasil menghasilkan 14.588 kata dasar yang benar, sedikit lebih tinggi 

dibandingkan IN-Idris yang menghasilkan 14.579 kata. Namun dari segi akurasi klasifikasi, 

IN-Idris unggul dengan akurasi 65,11% dibandingkan ECS yang mencapai 63,73%. ECS lebih 

efektif dalam mengatasi overstemming melalui mekanisme pengembalian akhiran, sedangkan 

IN-Idris lebih baik dalam menangani imbuhan ganda melalui mekanisme pengulangan 

algoritma. Penelitian ini membuktikan bahwa kualitas stemming tidak hanya ditentukan oleh 

kuantitas kata yang benar, tetapi juga oleh jenis kesalahan stemming dan dampaknya terhadap 

representasi fitur dalam model klasifikasi. 

Kata Kunci: Stemming, Enhanced Confix Stripping, IN-Idris, Klasifikasi Multi-Kelas, Naive 

Bayes Akurasi 
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ABSTRACT 

Stemming is a crucial stage in Indonesian text preprocessing, aiming to return inflected 

words to their basic word forms, which significantly impacts the quality of feature 

representation for classification. This study aims to analyze and compare the effectiveness of 

two rule-based stemming algorithms, namely Enhanced Confix Stripping (ECS) and IN-Idris, 

in improving the performance of multi-class classification on news articles. The methodology 

involved utilizing a dataset of 2,896 news articles from KompasTV across various categories. 

The steps included standard preprocessing (case folding, cleansing, stopword removal, and 

tokenizing), followed by the implementation of ECS and IN-Idris, feature extraction using the 

Bag of Words (BoW) model, and classification with the Naïve Bayes algorithm. Testing results 

indicate that ECS successfully generated slightly more correct basic words (14,588) compared 

to IN-Idris (14,579). However, from the perspective of model performance, IN-Idris 

demonstrated superiority with a classification accuracy of 65.11%, surpassing the ECS 

accuracy of 63.73%. The discussion highlights that ECS is more effective in addressing the 

overstemming problem through its suffix restoration mechanism, while IN-Idris excels in 

handling double affixes via its algorithm repetition. The conclusion of this study is that the 

quality of a stemming algorithm is not solely determined by the quantity of correct basic words, 

but primarily by its ability to minimize error types (overstemming and understemming) that 

directly impact the classification model's accuracy. Thus, the IN-Idris mechanism proved more 

effective in the context of this multi-class text classification. 

Keywords: Stemming, Enhanced Confix Stripping, IN-Idris, Multi-Class Classification, Naive 

Bayes Accuracy  
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