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ABSTRAK 

Fenomena fatherless di Indonesia semakin meningkat karena perceraian, 

budaya patriarki, dan minimnya peran ayah. Media sosial, khususnya platform X, 

menjadi ruang utama untuk berbagi opini dan pengalaman tentang isu ini. Penelitian 

ini menganalisis sentimen publik terkait fatherless serta membandingkan performa 

dua metode klasifikasi sentiment yaitu, Support Vector Machine (SVM) dan 

IndoBERTweet menggunakan dua skenario pengujian. Data dikumpulkan dengan 

crawling dari platform X dan dilabel manual ke dalam empat kategori sentiment 

yaitu, positif, negatif, netral, dan others. Evaluasi dilakukan menggunakan 

confusion matrix, classification report, dan analisis kesalahan. Hasil penelitian 

menunjukkan IndoBERTweet memiliki akurasi tertinggi 0.92, sedangkan SVM 

mencapai 0.86. Analisis kesalahan berperan penting dalam mengungkap pola 

misklasifikasi, terutama pada teks dengan sarkasme dan ambiguitas, yang 

menyulitkan model membedakan sentimen dengan konteks atau nada yang serupa 

antar label. 

Kata Kunci : Tanpa peran ayah, Analisis sentiment, Support Vector Machine 

(SVM), IndoBERTweet 
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ABSTRACT 

The phenomenon of fatherlessness in Indonesia is on the rise due to divorce, 

patriarchal culture, and the lack of fatherly involvement. Social media, particularly 

the X platform, has become the primary space for sharing opinions and experiences 

related to this issue. This study analyzes public sentiment related to fatherlessness 

and compares the performance of two sentiment classification methods: Support 

Vector Machine (SVM) and IndoBERTweet, using two testing scenarios. Data was 

collected through crawling from the X platform and manually labeled into four 

sentiment categories: positive, negative, neutral, and others. Evaluation was 

conducted using a confusion matrix, classification report, and error analysis. The 

results show that IndoBERTweet achieved the highest accuracy of 0.92, while SVM 

reached 0.86. Error analysis plays a crucial role in identifying misclassification 

patterns, particularly in texts with sarcasm and ambiguity, which make it 

challenging for models to distinguish sentiments with similar contexts or tones 

across labels. 

Keywords : Fatherless, Sentiment Analysis, Support Vector Machine (SVM), 

IndoBERTweet 
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