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ABSTRAK

Media sosial menjadi wadah bagi masyarakat untuk berinteraksi dan
menyampaikan pendapat secara terbuka. Salah satu fenomena yang ramai dibahas
di media sosial X adalah munculnya akun fiktif bernama Fufufafa yang
menimbulkan kontroversi melalui unggahan lamanya yang provokatif terhadap
tokoh publik di platform Kaskus. Untuk memahami tanggapan masyarakat terhadap
fenomena tersebut, diperlukan analisis sentimen yang mampu mengenali berbagai
ekspresi dalam bahasa Indonesia. Penelitian sebelumnya masih terbatas
menggunakan metode tradisional sepertt SVM dan belum banyak yang menerapkan
pendekatan berbasis transformer seperti IndoBERT, terutama dengan dukungan
teknik augmentasi pada data yang tidak seimbang. Penelitian ini bertujuan untuk
mengidentifikasi sentimen masyarakat terhadap akun Fufufafa di media sosial X
serta menilai pengaruh teknik synonym replacement dan back translation terhadap
performa model IndoBERT. Proses penelitian meliputi pengumpulan data
menggunakan crawling, preprocessing, pembagian data, dan pelatihan IndoBERT
dalam tiga skenario: baseline, synonym replacement, dan back translation. Hasil
menunjukkan bahwa skenario back translation dengan learning rate 0.00003
memberikan hasil terbaik dengan rata-rata precision, recall, dan F1-score sebesar
65% serta akurasi 84%. Selain 1tu, dilakukan analisis kontekstual pada kelas negatif
untuk melihat jenis ujaran seperti hate speech, offensive, dan toxic untuk

memahami arah opini masyarakat secara lebih mendalam.

Kata Kunci: akun fiktif, analisis sentimen, augmentasi data, indoBERT, media

sosial X



ABSTRACT

Social media has become a platform where people interact and express
opinions openly. One phenomenon that gained attention on social media X is the
appearance of a fictitious account named Fufufafa, which sparked controversy
through its old provocative posts targeting public figures on Kaskus. To understand
public responses to this issue, sentiment analysis is needed to capture the variety of
expressions in the Indonesian language. Previous studies mostly used traditional
methods such as SVM and rarely applied transformer-based approaches like
IndoBERT, especially with data augmentation to handle imbalanced data. This
study aims to identify public sentiment toward the Fufufafa account on social media
X and evaluate the effect of synonym replacement and back translation techniques
on IndoBERT performance. The research includes data collection through crawling,
preprocessing, data splitting, and model training in three scenarios: baseline,
synonym  replacement, and back translation. The results show that the back
translation scenario with a learning rate of 0.00003 achieved the best performance
with an average precision, recall, and Fl-score of 65% and accuracy of 84%. In
addition, a contextual analysis of the negative class was conducted to identify
utterance types such as hate speech, offensive, and toxic to understand public

opinion more deeply.

Keywords: fictitious account, sentiment analysis, data augmentation, IndoBERT,

social media X
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