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ABSTRAK 

Kasus kematian Wayan Mirna Salihin, yang dikenal sebagai kasus kopi sianida, 

kembali menarik perhatian publik setelah dirilisnya film dokumenter berjudul “Ice 

Cold: Murder, Coffee, and Jessica Wongso”. Penelitian ini bertujuan untuk 

menganalisis sentimen publik yang tercermin melalui platform social media X 

(Twitter), mengidentifikasi jenis sentimen yang paling dominan, serta 

mengevaluasi kinerja metode Long Short-term Memory (LSTM) dalam melakukan 

analisis sentimen terhadap kasus tersebut. Pendekatan yang digunakan dalam 

penelitian ini melibatkan algoritma LSTM dengan ekstraksi fitur menggunakan 

Word2Vec, guna mengklasifikasi sentimen ke dalam lima kategori yaitu, sangat 

positif, positif, netral, negatif, dan sangat negatif. Data dikumpulkan melalui proses 

crawling terhadap 5.070 data tweet yang membahas terkait film dokumenter 

tersebut. Setelah proses cleaning data dilakukan untuk menghilangkan duplikasi, 

sebanyak 4.006 data digunakan dalam analisis. Hasil penelitian menunjukan bahwa 

sentimen netral paling dominan dengan 1.917 tweet (47,8%), disusul dengan 

sentimen positif sebanyak 1.723 tweet (43%). Temuan ini mengindikasi bahwa 

mayoritas masyarakat memberikan respon yang relatif objektif terhadap film 

dokumenter tersebut. Evaluasi terhadap performa model LSTM menunjukkan 

adanya hubungan positif antara kompleksitas model, jumlah epoch, dengan tingkat 

akurasi. Hasil terbaik diperoleh pada LSTM_Units 128 dengan 150 Epoch, 

menghasilkan akurasi sebesar 93%. Hasil ini membuktikan bahwa metode LSTM 

cukup efektif dalam menganalisis sentimen di social media. 

 

Kata kunci : Kasus kopi sianida, analisis sentimen, media sosial twitter, LSTM, 

Word2Vec, Natural Language Programing 
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ABSTRACT 

The death of Wayan Mirna Salihin also known as the cyanide coffee case, has once 

again attracted public attention following the release of a documentary film titled 

“Ice Cold: Murder, Coffee, and Jessica Wongso”. This study aims to analyze public 

sentiment reflected through the social media platform X (Twitter), identify the most 

dominant type of sentiment, and evaluate the performance of the Long Short-term 

Memory (LSTM) method in conducting sentiment analysis on the case. The 

approach used in this study involves the LSTM algoritm with feature extraction 

using Word2Vec to classy sentiment into five categories: very positive, positive, 

neutral, negative, and very negative. Data was collected through a crawling process 

of 5.070 tweets discussing the documentary film. After data cleaning process was 

carried out to remove duplicaates, 4.006 data were used in the analysis. The reasult 

of the study show neutral sentiment was the most dominant with 1.917 tweets 

(47.8%), followed by positive sentiment with 1.723 tweets (43%). These findings 

indicate that the majority of the public responded relatively objectively to the 

documentary film. An evaluation of the LSTM model’s performance revealed a 

positive correlation between model complexity, the number of epoch, and accuray 

levels. The best result were achieved with LSTM_Units 128 and 150 epoch, yielding 

an accuracy of 93%. These result demonstrate that the LSTM method is sufficiently 

effective for analyzing sentiment on social media. 

 

Keyword : Cyanide coffee case, sentiment analysis, twitter social media, LSTM, 

Word2Vec, Natural Language Programming  
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