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ABSTRAK

Mengemudi merupakan kegiatan yang sudah biasa dilakukan oleh orang-orang pada
zaman ini. Salah satu penyebab terjadinya kecelakaan pada saat mengemudi adalah kelalaian
pengemudi. Perilaku pengemudi dapat diprediksi menggunakan model machine learning dan
deep learning. Penelitian ini telah membandingkan 3 model yaitu Convolutional Neural
Network (CNN), Support Vector Machine (SVM), dan K-Nearest Neighbors (KNN) dalam
klasifikasi citra perilaku pengemudi. Penelitian ini menggunakan dataset berisikan citra
berjumlah 14859 yang terdiri dari 985 data tes, 11952 data pelatihan, dan 1922 data validasi
serta terbagi menjadi 6 kelas. Penelitian ini menghasilkan model CNN dengan akurasi pelatihan
96%, akurasi validasi 90%, precision 90%, recall 90%, dan fl-score 90%. Kemudian model
SVM menghasilkan akurasi pelatihan 85%, akurasi validasi 84%, precision 84.4%, recall
84.4%, dan fI-score 84.4%. Terakhir, model KNN menghasilkan akurasi pelatihan 91%,
akurasi validasi 86%, precision 86.5%, recall 86.5%, dan f1-score 86.5%.

Kata Kunci: Perilaku Pengemudi; Klasifikasi Citra; Convolutional Neural Network

(CNN); Support Vector Machine (SVM); K-Nearest Neighbors (KNN)
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ABSTRACT

Driving is an activity that is commonly done by people today. One of the causes of
accidents while driving is driver negligence. Driver behavior can be predicted using machine
learning and deep learning models. This research has compared 3 models namely
Convolutional Neural Network (CNN), Support Vector Machine (SVM), and K-Nearest
Neighbors (KNN) in the classification of driver behavior images. This research uses a dataset
containing 14859 images consisting of 985 test data, 11952 training data, and 1922 validation
data and divided into 6 classes. This research produced a CNN model with 96% training
accuracy, 90% validation accuracy, 90% precision, 90% recall, and 90% f1-score. Then the
SVM model produces 85% training accuracy, 84% validation accuracy, 84.4% precision, 84.4%
recall, and 84.4% fl-score. Last, the KNN model produces 91% training accuracy, 86%

validation accuracy, 86.5% precision, 86.5% recall, and 86.5% fl-score.

Keywords: Driver Behavior; Image Classification; Convolutional Neural Network (CNN);

Support Vector Machine (SVM); K-Nearest Neighbors (KNN)
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