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ABSTRAK

Analisis sentimen ulasan aplikasi di Google Play Store memiliki tantangan
dalam menangkap pola kompleks bahasa alami, terutama pada ulasan berbahasa
Indonesia yang sering kali informal dan tidak terstruktur. Model deep learning
seperti  BILSTM memerlukan teknik ekstraksi fitur yang efektif untuk
meningkatkan akurasi prediksi sentimen. Penelitian ini menggunakan model
Bidirectional Long Short-Term Memory (BILSTM) dengan teknik Word2Vec
untuk ekstraksi fitur, memanfaatkan data ulasan aplikasi Shopee dari Google Play
Store. Data diproses melalui tahapan preprocessing, meliputi cleaning, tokenizing,
normalization, stopword removal, dan stemming, diikuti oleh pelatihan model
dengan berbagal kombinasi parameter seperti batch size dan learning rate. Hasil
eksperimen menunjukkan bahwa penggunaan batch size 32 dengan learning rate
0.001 memberikan akurasi tertinggi, yaitu 75%, sementara batch size 64 dengan
learning rate yang sama juga menghasilkan akurasi 75%. Penurunan learning rate
menjadi 0.00001 pada kedua batch size menyebabkan penurunan akurasi yang
signifikan, dengan akurasi 68% untuk batch size 32 dan 63% untuk batch size 64.
Secara keseluruhan, penggunaan Word2Vec sebagai teknik ekstraksi fitur terbukti
efektif dalam meningkatkan kemampuan model dalam menangkap sentimen positif,
negatif dan netral dari ulasan aplikasi Shopee. Temuan ini memberikan kontribusi
pada pengembangan model analisis sentimen berbasis deep learning untuk aplikasi

e-commerce, khususnya dalam konteks aplikasi Shopee.

Kata Kunci: Analisis Sentimen, Ulasan Aplikasi, BILSTM, Word2Vec, Deep
Learning.
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ABSTRACT

Sentiment analysis of application reviews on the Google Play Store faces
challenges in capturing the complex patterns of natural language, especially in
Indonesian reviews that are often informal and unstructured. Deep learning models
such as BILSTM require effective feature extraction techniques to improve
sentiment prediction accuracy. This study employs a Bidirectional Long Short-
Term Memory (BiLSTM) model with Word2Vec as a feature extraction technique,
utilizing review data of the Shopee application collected from the Google Play
Store. The data undergoes preprocessing stages, including cleaning, tokenizing,
normalization, stopword removal, and stemming, followed by model training with
various parameter combinations such as batch size and learning rate. The
experimental results show that using a batch size of 32 with a learning rate of 0.001
yields the highest accuracy of 75%, while a batch size of 64 with the same learning
rate also results in an accuracy of 75%. Reducing the learning rate to 0.00001 for
both batch sizes significantly decreased the accuracy, with the lowest accuracy
recorded at 68% to 63% for batch size 32 and 64, respectively. Overall, the use of
Word2Vec as a feature extraction technique proved effective in enhancing the
model's ability to capture positive, negative, and neutral sentiments from Shopee
app reviews. Our finding contributes to the development of sentiment analysis
models based on deep learning for e-commerce applications, particularly in the

context of Shopee app reviews.

Keywords: Sentiment Analysis, App Reviews, Shopee, BiLSTM, Word2Vec, Deep

Learning.
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