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ABSTRAK 

Kesehatan global saat ini menghadapi tantangan serius akibat meningkatnya 

jumlah pasien dengan penyakit kronis, seperti gagal jantung, diabetes, dan kanker. 

Masalah ini muncul dari keterbatasan sistem rekam medis elektronik (EHR), yang 

belum sepenuhnya mampu menjamin ketepatan diagnosis klinis karena 

kemungkinan kesalahan input data dan keterlambatan dalam identifikasi gejala oleh 

tenaga medis. Menanggapi masalah tersebut, makalah ini fokus pada integrasi data 

tabular medis dengan pendekatan klasifikasi berbasis classical machine learning 

(ML) dan large language models (LLM) untuk meningkatkan akurasi prediksi 

diagnosis pasien. Makalah ini bertujuan untuk mengembangkan dan 

membandingkan kinerja berbagai model ML, seperti XGBoost, SVM, dan Logistic 

Regression, serta model LLM seperti Gemini, LLaMA, dan Qwen dalam skenario 

fine-tuning, few-shot, dan zero-shot. Hasil penelitian menunjukkan bahwa 

kombinasi Llama dengan pendekatan few-shot (250 shots) mencapai akurasi 

tertinggi hingga 96,0% dalam memprediksi risiko gagal jantung. Temuan utama 

dari penelitian ini adalah bahwa representasi teks naratif dari data tabular yang 

diproses dengan LLM secara signifikan meningkatkan pemahaman kontekstual dan 

akurasi klasifikasi, sehingga pendekatan ini sangat potensial untuk diterapkan 

dalam pengambilan keputusan klinis berbasis AI. 

 

Kata Kunci:  Medical Data Data tabular, Large Language Models (LLM), Clinical 

Risk Prediction, Serialisasi, Few-shot Learning 
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ABSTRACT 

Global health is currently facing serious challenges due to the increasing 

number of chronic disease patients such as heart failure, diabetes, and cancer. This 

issue arises from the limitations of electronic health record (EHR) systems, which 

are not yet fully capable of ensuring accurate clinical diagnoses because of potential 

data input errors and delays in symptom identification by medical personnel. In 

response to this issue, this paper focuses on the integration of medical tabular data 

with a classification approach based on classical machine learning (ML) and large 

language models (LLM) to improve the accuracy of patient diagnosis predictions. 

This paper aims to develop and compare the performance of various ML models, 

such as XGBoost, SVM, and Logistic Regression, as well as LLM models like 

Gemini, LLaMA, and Qwen in fine-tuning, few-shot, and zero-shot scenarios. The 

paper results show that the combination of Llama and the few-shot approach (250 

shots) achieved the highest accuracy of up to 96.0%, in predicting heart failure risk. 

The main finding of this study is that the narrative text representation of tabular 

data processed with LLM significantly enhances contextual understanding and 

classification accuracy, making this approach highly potent for application in AI-

based clinical decision-making. 

 

Keywords: Medical Tabular Data, Large Language Models (LLM), Clinical Risk 

Prediction, Data Serialization, Few-shot Learning 
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