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ABSTRAK

Penyebaran nyamuk Wolbachia di Indonesia menjadi topik perdebatan di masyarakat dengan
munculnya berbagai opini terkait efektivitas dan dampaknya. Namun, variasi sentimen belum dianalisis
secara terstruktur dan terukur untuk polarisasi sentimen publik pada media YouTube. Oleh karena itu,
penelitian ini bertujuan untuk menganalisis persepsi masyarakat terhadap program Wolbachia dengan
menggunakan metode analisis sentimen berbasis Multinomial Naive Bayes pada komentar YouTube.
Metode penelitian mencakup preprocessing data teks, pembobotan kata menggunakan TF-IDF (Term
Frequency-Inverse Document Frequency), serta penerapan tiga pendekatan klasifikasi: Naive Bayes
Multinomial, Naive Bayes Multinomial dengan SMOTE, dan Naive Bayes Multinomial dengan SMOTE
serta GridSearchCV untuk optimasi hyperparameter. Hasil penelitian menunjukkan bahwa mayoritas
sentimen masyarakat terhadap program Wolbachia bersifat negatif (67%), sementara 23% bersikap positif,
dan 10% netral. Dari evaluasi model, pendekatan tanpa balancing data (Model 1) memberikan akurasi
terbaik sebesar 70%, meskipun memiliki kelemahan dalam mengenali sentimen netral dan positif.
Sedangkan pendekatan dengan SMOTE dan GridSearchCV (Model 3) menghasilkan akurasi sebesar 69%
dengan keseimbangan yang lebih baik antara precision dan recall. Analisis word cloud menunjukkan
bahwa opini negatif sering dikaitkan dengan teori konspirasi, ketidakpercayaan terhadap pemerintah, serta
kekhawatiran terhadap dampak lingkungan. Kesimpulan dari penelitian menunjukkan bahwa persepsi
masyarakat terhadap Wolbachia masih dipengaruhi oleh kurangnya edukasi dan transparansi informasi.
Oleh karena itu, diperlukan peningkatan sosialisasi dan komunikasi yang lebih efektif guna mengurangi

misinformasi serta meningkatkan penerimaan publik terhadap program ini.

Kata kunci: Analisis Sentimen, Multinomial Naive Bayes, Wolbachia, SMOTE, GridSearchCV.



ABSTRACT

The spread of Wolbachia mosquitoes in Indonesia has become a topic of debate in society, with
various opinions emerging regarding its effectiveness and impact. However, the variation in sentiment
has not been analyzed in a structured and measurable way to determine the polarization of public
sentiment on YouTube. Therefore, this study aims to analyze public perception of the Wolbachia program
using a Multinomial Naive Bayes sentiment analysis method on YouTube comments. The research method
includes text data preprocessing, word weighting using TF-IDF (Term Frequency-Inverse Document
Frequency), and the application of three classification approaches: Multinomial Naive Bayes,
Multinomial Naive Bayes with SMOTE, and Multinomial Naive Bayes with SMOTE and GridSearchCV
for hyperparameter optimization. The results show that the majority of public sentiment towards the
Wolbachia program is negative (67%), while 23% is positive and 10% is neutral. From the model
evaluation, the approach without data balancing (Model 1) provides the best accuracy of 70%, although
it has weaknesses in recognizing neutral and positive sentiments. Meanwhile, the approach using SMOTE
and GridSearchCV (Model 3) produced an accuracy of 69% with a better balance between precision and
recall. Word cloud analysis shows that negative opinions are often associated with conspiracy theories,
distrust of the government, and concerns about environmental impacts. The conclusion of the study shows
that public perception of Wolbachia is still influenced by a lack of education and transparency of
information. Therefore, there is a need for more effective socialization and communication to reduce

misinformation and increase public acceptance of this program.

Keywords: Sentiment Analysis, Multinomial Naive Bayes, Wolbachia, SMOTE, GridSearchCV.
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