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ABSTRAK

Penelitian ini membahas pengaruh teknik augmentasi data terhadap
performa model klasifikasi berita berbasis BERT. Lima skenario diujikan, yaitu
tanpa augmentasi, serta dengan tiga teknik augmentasi individual (Synonym
Replacement, Back Translation, dan Random Swap), serta kombinasi ketiganya.
Evaluasi dilakukan menggunakan metrik klasifikasi dan analisis cosine similarity.
Hasil menunjukkan bahwa teknik Synonym Replacement memberikan peningkatan
kinerja terbaik dengan fl-score 0.984 dan eval loss terendah 0.0489. Namun,
beberapa teknik augmentasi menghasilkan teks yang terlalu mirip dengan data asli
(cosine similarity > 0.99), sehingga kurang efektif memperluas keragaman data.
Penelitian ini menyimpulkan bahwa efektivitas augmentasi sangat bergantung pada
kualitas dan variasi semantik dari data baru yang dihasilkan.

Kata kunci: Augmentasi Data, Back Translation, BERT, Klasifikasi Berita,

Random Swap, Synonym Replacement



ABSTRACT

This study investigates the impact of data augmentation techniques on the
performance of a BERT-based news classification model. Five experimental
scenarios were evaluated: one without augmentation, three with individual
augmentation techniques (Synonym Replacement, Back Translation, and Random
Swap), and one combining all three methods. The model performance was assessed
using classification metrics and cosine similarity analysis. Results show that
Synonym Replacement provided the best improvement, achieving the highest F1-
score of 0.984 and the lowest evaluation loss of 0.0489. However, several
techniques generated augmented texts that were overly similar to the original data
(cosine similarity > 0.99), limiting their effectiveness in increasing data diversity.
This study concludes that the success of data augmentation largely depends on the
semantic variety and quality of the newly generated data, which should enrich the
training set without introducing noise.

Keywords: Back Translation, BERT, Data Augmentation, News

Classification, Random Swap, Synonym Replacement
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