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ABSTRAK

Penelitian ini bertujuan untuk menganalisis sentimen terkait Apple Vision
Pro menggunakan algoritma Support Vector Machine (SVM) serta mengevaluasi
performa berbagai kernel, seperti Linear, Polynomial, Radial Basis Function (RBF),
dan Sigmoid. Data dikumpulkan dari platform X melalui proses crawling,
menghasilkan 1.825 tweet yang dikategorikan sebagai positif, negatif, atau netral,
dengan pelabelan otomatis menggunakan VADER. Sebelum analisis, data diproses
melalui tahap preprocessing, termasuk case - folding, pembersihan data,
penghapusan stopword, lemmatization, dan tokenisasi. Hasil penelitian
menunjukkan bahwa kernel Linear dan Polynomial mencapai akurasi sebesar 81%
pada pembagian data 70:30 maupun 80:20 dengan teknik TF-IDF tanpa SMOTE.
Namun, penerapan SMOTE pada kernel Polynomial meningkatkan akurasi hingga
99%, menegaskan bahwa penanganan ketidakseimbangan data berperan penting
dalam meningkatkan performa model. Penelitian ini juga merekomendasikan
eksplorasi algoritma lain, seperti Random Forest, Gradient Boosting, atau model
berbasis Deep Learning (LSTM, BERT), serta teknik representasi kata yang lebih
bermakna, seperti Word2Vec atau GloVe, guna meningkatkan akurasi analisis
sentimen di masa depan. Temuan ini memberikan wawasan mengenai efektivitas

SVM dalam memilih kernel yang optimal untuk klasifikasi sentimen.

Kata Kunci: Analisis sentiment, Support Vector Machine (SVM), Kernel SVM,
Apple Vision Pro, SMOTE (Synthetic Minority Over-sampling Technique).



ABSTRACT

This study aims to analyze sentiment related to Apple Vision Pro using the
Support Vector Machine (SVM) algorithm and evaluate the performance of various
kernels, including Linear, Polynomial, Radial Basis Function (RBF), and Sigmoid.
The data was collected from platform X through a crawling process, resulting in
1,825 tweets categorized as positive, negative, or neutral, with automatic labeling
using VADER. Prior to analysis, the data underwent preprocessing steps such as
case folding, data cleaning, stopword removal, lemmatization, and tokenization.
The results indicate that the Linear and Polynomial kernels achieved an accuracy
of 81% witha 70:30 and 80:20 data split using the TF-IDF technique without
SMOTE. However, applying SMOTE to the Polynomial kernel significantly
improved accuracy to 99%, highlighting the importance of addressing data
imbalance to enhance model performance. This study also suggests exploring other
algorithms, such as Random Forest, Gradient Boosting, or Deep Learning models
(LSTM, BERT), as well as more meaningful word representation techniques like
Word2Vec or GloVe, to improve sentiment analysis accuracy in future research.
These findings provide valuable insights into the effectiveness of SVM in selecting

the optimal kernel for sentiment classification.

Keywords: Sentiment Analysis, Support Vector Machine (SVM), SVM Kernel, Apple
Vision Pro, SMOTE (Synthetic Minority Over-sampling Technique).
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